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     Who Holds Positions in Agricultural Futures Markets  
   –– and How?

       Executive Summary 

We use non-public data regarding all trader-level futures positions, reported to the U.S. 
grain and oilseed derivatives market regulator (the CFTC), in order to describe the nature 
of market participants, the maturity structure of their holdings, and the aggregate position 
patterns for nine different categories of traders that we separate based on their main lines 
of business. We provide novel evidence about the overall extent of calendar spreading 
and about the contribution of commercial traders to total spreading activity. 

Our sample’s 3,854 traders account for 86 to 93 percent of the total futures open 
interest at the end of an average day in 2015–2018. Well over 90 percent of their 
positions have maturities of less than a year. Among our nine trader categories, just three 
(hedge funds and commercial dealers/merchants, plus commodity index traders on the 
long side) account for about four fifths of all reported trader positions. In fact, fewer than 
200 “permanent” large traders (overwhelmingly from these three categories) make up the 
bulk of the daily open interest in the four largest agricultural futures markets. 

In the aggregate, the positions of commercial dealers and hedge funds (including 
commodity pool operators, commodity trading advisors, managed money traders, and 
associated persons) are highly negatively correlated. This correlation is strikingly strong 
for short positions: as a result, the sum total of commercial dealers’ and hedge funds’ 
respective shares of the short open interest fluctuates relatively little over time.  

We show, for the first time, that calendar spreads account for more than a third of all 
large trader positions; that much of the intra-year variation in the total futures open 
interest can be tied to changes in the extent of calendar spreading; that about half of all 
spread positions involve contracts expiring in 4 to 12 months (either spreading with 
shorter-dated contracts, or involving only maturities of 4 to 12 months); and that 
commercial traders who are not swap dealers (dealers and merchants, mostly) make up 
from a quarter to two fifths of all calendar spread positions. Again, commercial dealers’ 
and hedge funds’ shares of the spread open interest are negatively correlated. None of 
these patterns can be inferred from public data, as the CFTC’s Commitments of Traders 
Reports (COT) do not break out spreads for “traditional” commercial traders in general 
and commercial dealers and merchants in particular.  

Keywords: Agricultural futures, Open interest composition, Term structure,  
Calendar spreading 

JEL codes: G10, G13, N22, N50, Q14 
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I. Introduction 

The U.S. Commodity Futures Trading Commission (CFTC, the market regulator) has, 

since its creation, periodically published data on the aggregate positions held overnight by large 

“commercial” and “noncommercial” traders in commodity futures markets. In 2009, the CFTC’s 

weekly “Commitments of Traders” (COT) reports started splitting commercial traders into two 

sub-groups: commodity swap dealers (including dealers whose futures positions result in large 

part from commodity index trading), and all the other commercial traders (“Producer / Merchant 

/ Processor / User”). These so-called “disaggregated” COTs likewise started separating the non-

commercial positions between those held by “Managed Money” traders (some of which are 

commodity index traders), vs. those held by “Other Reportables.” While the COTs isolate 

calendar-spread, net long, and net short positions for non-commercial traders as well as for 

commodity swap dealers, they make no such distinction for any of the other commercial 

traders—thus possibly understating substantially the overall extent (and obscuring the actual 

composition) of calendar spreading activity in those markets.1 

The CFTC’s publicly available data are widely used by market observers, for whom the 

COTs constitute “a crucial market weathervane,”2 and by academics. Both audiences generally 

treat commercials as “hedgers” exposed to the underlying physical commodity, and view non-

commercials as “speculators” with no underlying exposure (who bet on absolute or relative 

prices). To wit, Working’s (1960) widely-used T index makes these very assumptions when it 

measures the extent of speculation in commodity markets by comparing the positions of non-

commercial futures traders to the net demand for hedging originating from commercial traders. 

The hedging pressure indices proposed by some other authors use the COT’s broad 

1 Working (1933, 1962) was among the first academics to draw attention to spreading. Peterson and Choi (2015) and 
Berdell and Choi (2018) discuss the early work on spreading as speculation on changes in two futures prices.
2 “Unknown Traders Gain Influence in Commodities Markets.” Financial Times, November 26, 2017. 
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categorizations in a similar way.3 Again, however, if commercial traders engage in calendar 

spreading to an extent substantially different from that revealed by the COTs, then the usefulness 

of speculative indices based on the public COT data may suffer.4 

The COT’s small number of trader groupings offers the dual advantages of providing 

information that is directly comparable across commodities while preserving the confidentiality 

of individual traders’ positions and strategies in all markets (including various smaller markets in 

which the number of large traders of any given kind is not very high). As a result of a high level 

of aggregation, however, the COT data present a number of potential limitations.  

In the present paper, we shed light on trading patterns hidden by those limitations. We do 

so by using the CFTC’s confidential trader-level data (which, in aggregated form, constitute the 

basis of the COT reports) in the main agricultural futures markets—those for corn, soybeans, and 

wheat—which have long been ground zero for world food-price discovery (Janzen and 

Adjemian, 2017). As such, the present paper provides the first detailed look at the composition of 

activity in these critical markets.5 

3 See, e.g., Carter, Rausser, and Schmitz (1983), Chang (1985), and Bessembinder (1992) for early studies. See, e.g., 
Szymanowska et al. (2014), Bruno et al. (2017), and Le Pen and Sevi (2018) for evidence that papers published by 
top finance and agricultural economics journals continue to rely on the COTs to estimate hedging pressure. 
4 Numerous studies rely on Working’s T index. See, e.g., Sanders, Irwin and Merrin (2010), Büyükşahin and Harris 
(crude oil, 2011), McPhail, Du, and Muhammad (corn, 2012), Alquist and Gervais (crude oil, 2013), Manera, 
Nicolini, and Vignati (energy and grains, 2013), Büyükşahin and Robe (GSCI commodities, 2014), Etienne, Irwin 
and Garcia (grains, 2014a, 2014b), Bruno, Büyükşahin, and Robe (grains and livestock, 2017), and papers cited 
therein.  
5 Brunetti, Büyükşahin, and Harris (2016) use CFTC trader-level data to investigate the possible impacts on corn-
price volatility of hedge funds and of the subset of commodity swap dealers that are involved in commodity index 
trading (CIT). While that paper provides some descriptive evidence regarding those two trader categories’ aggregate 
positions, the evidence is limited to the 2005—2009 period and to the corn market; crucially, it does not provide any 
information regarding the positions of other kinds of futures traders. The same observation applies to Brunetti and 
Reiffen’s (2014) study of long-only CIT’s contribution to lowering futures risk premia in grain and oilseed markets. 
The paper closest in spirit to ours, therefore, is Ederington and Lee’s (2002) investigation—similarly based on 
confidential CFTC trader level data—of who trades heating oil futures, and how. That study’s sample period, 
though, is 1993—1997. The same is true of Dewally, Ederington, and Fernando (2013), which is based on the same 
decades-old heating oil data. Closely related to our work also is Büyükşahin et al. (2011), a paper on the 
financialization of the U.S. crude oil futures in 2000—2010. That paper, like ours, provides a detailed analysis of the 
open interest make-up—but in the WTI market. To our knowledge, there exists no recent study of the kind in 
agricultural markets: Chang, Pinegar, and Schachter’s (1997) dataset is more than 25 years old and predates the 

4 



 

 

 

 

 

 

 

                                                                                                                                                             
 

   

We start by noting that the public COTs’ categories mix rather dissimilar kinds of traders. 

First, three of the four disaggregated COT groupings include traders that are principally involved 

in commodity indexing as well as traders that are not. We isolate the former to create a distinct 

group of “commodity index traders” (CIT). Second, under the label “Other non-commercials,” 

the COTs include floor traders, brokers, and several other disparate types of financial 

intermediaries. We disaggregate this “catch-all” group into several smaller, but more 

homogeneous, sub-categories. Third, in the same vein, a single commercial COT category lumps 

together all large “Producers,” “Processors” (mills, biofuel refineries, etc.), elevators and other 

kinds of physical-market “Dealers and Merchants”, plus all the other large commercial “End-

users” that are not commodity swap dealers. Intuitively, one would expect those diverse kinds of 

market participants to trade differently. Using the non-public information on each trader’s daily 

positions and main line(s) of business, we document that, indeed, commercial dealers are—in the 

aggregate—often net short (resp. long) when all other traditional commercial traders are— 

collectively—net long (resp. short).  

We also show that there exists a strong negative correlation, on the short side, between 

the aggregate positions of non-indexing managed money traders (MMT, a key non-commercial 

category) and the aggregate positions of non-indexing commercial dealers and merchants. This 

finding refines a qualitatively similar result in Kang, Rouwenhorst, and Tang (2019) that is based 

on the public COT data. A key reason for this similarity is our complementary findings that (i) 

just two kinds of traders (non-commercial managed money and commercial dealers/merchants), 

together with CITs on the long side, account for about four fifths of all large trader positions and 

(ii) the CIT long positions do not fluctuate very much over time.  

financialization of commodities, while the recent study of automated trading by Haynes and Roberts (2017) focuses 
on intraday activity—as opposed to our focus on overnight positions.  
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In fact, we show that the vast majority of the open interest in the four largest U.S. grain 

and oilseed futures markets is held by just 197 large traders (overwhelmingly from just three 

categories: CITs, non-CIT managed money, and dealer/merchants) that hold overnight positions 

on every single trading day in our sample. In contrast to this subset of “permanent” traders, 

approximately thrice as many reported traders in these four markets are ephemeral in that 

information on each such trader’s futures positions was conveyed to the CFTC on just five or 

fewer days in our sample.6 

Next, our data allow us to disaggregate the COT information not only by finer trader sub-

groups, but also by maturity. A big drawback of the public COT reports is that they sum up 

trader positions across all contract expirations. This aggregation obscures dissimilarities in the 

respective extents to which different trader groups’ are active at the near and far ends of the 

futures curve and in their calendar spreading styles.  

In 2015-2018, we find no (wheat) or almost no (corn, soybeans) activity at maturities 

beyond three years. For virtually all of our nine trader sub-categories, on average 93 (corn) to 97 

percent (wheat) of the open interest is concentrated within the front year expiry range.7 Non-

commercial traders tend to focus on the near end of the futures term structure: two thirds of the 

aggregate non-commercial positions involve contracts expiring in 130 days or less, vs. only 

about half of all commercial positions. This focus on the two nearest maturities is strongest for 

managed money traders: on average, up to 70 percent of their aggregate positions in the four 

largest agricultural futures markets involve contracts expiring within four months.   

6 It may be those “ephemeral” traders do not hold any positions on most days in 2015-2018 or it may be that, on 
most days in that period, their positions are not large enough to be reported to the regulator—and are not reported. 
7 The one exception is “Floor Brokers and Traders” (FBTs), a category that makes up only two percent of the total 
open interest. Still, even for FBTs, fewer than 10% of total positions have maturities greater than a year. 
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Arguably, the public data’s cross-maturities aggregation could present a further problem 

if the net direction (long vs. short) of a given trader category’s aggregate futures positions 

differed across the term structure. Prior research in the energy space suggests that this potential 

concern is valid. To wit, Büyükşahin et al. (2011) document that, in the WTI crude oil futures 

market, such was indeed the case for the massive commodity swap dealer category in 2000— 

2010.8 In the four agricultural markets in our sample, however, this is not an issue. While we 

find approximately 15 to 40 percent more traders in near-dated (130 days or less) vs. longer-

dated futures, we find no major differences in the respective directions of almost any trader 

category’s aggregate positions in near- vs. longer-dated futures.9 

Last, but certainly not least, the ability to disaggregate trader positions by maturity allows 

us to provide novel evidence on calendar spreading. While the public COTs show the aggregate 

net long, net short, and calendar spread positions held in the aggregate by three broad categories 

of large traders (commercial swap dealers, managed money traders, and other non-commercial 

traders), the COTs do not break out calendar spreads for the other types of commercial traders. 

Using the CFTC’s non-public trader-level data, we tabulate spread positions for all of our nine 

(more granular) trader sub-categories. We show, to our knowledge for the first time, that—in the 

aggregate—calendar spreads account for over one third of large trader positions and that non-

CIT commercial traders (mostly dealers and merchants) contribute, on average in 2015—2018, 

from 28 percent (SRW wheat) to 40 or more percent (beans, corn, HRW wheat) of all calendar 

spread positions in each market. This novel evidence provides empirical support for a long 

8 Swap dealers, including CITs, account for about a third of the total WTI crude oil futures open interest in 2000-
2010. That proportion is 40 to 70 percent larger than in the agricultural markets on which the present paper focuses. 
Büyükşahin et al. (2011) show that, as a group, swap dealers are net long in short-dated WTI futures (expiring in 
three months or less) but are net short in further-out WTI futures contracts (those with maturities of 3 months to a 
year, one to three years, and also longer). We find no such directional difference in agricultural futures markets.  
9 One exception is Financial Dealer Intermediaries (FDI), a sub-category comprising from a dozen (HRW wheat) to 
about three dozen (soybean) non-commercial traders and making up only about one percent of the open interest in 
our sample. 
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tradition, in the agricultural economics literature, of prominent authors’ arguing that calendar 

spreading is a key component of many commercial traders’ activities in grain and oilseed futures 

markets10—a fact that is all but absent from the corresponding finance literature.  

The remainder of the paper proceeds as follows. Section II places our contribution within 

the literature. Section III discusses the data. Section IV investigates trader persistence. Section 

V disaggregates the universe of traders into more homogeneous categories based on their main 

lines of business, and contrasts their positioning with respect to directionality and maturity. 

Section VI focuses on calendar spreading. Section VII concludes.  

II. Related Work 

The present paper adds to a sizeable body of work on the behaviors of different kinds of 

traders in financial markets. In equity markets, most papers contrast the respective strategies of 

individuals vs. institutions,11 or of local vs. distant investors.12 In commodity markets, much of 

the focus has been on exploiting regulatory data that differentiate market participants based on 

their stated reasons for trading: hedging (“commercial” traders), speculation (“non-commercial” 

traders),13 or indexing.14 While many studies exist of the broad composition of activity in 

commodity futures markets, almost all are based on the highly aggregated position data that are 

published by the CFTC in its weekly COTs.15 

10 See, e.g., Working (1962). Berdell and Choi (2018) thoroughly discuss this early literature. 
11 See, e.g., Keswani and Stolin’s (2008) study of mutual funds’ buy and sell patterns; Griffin, Harris and 
Topaloǧlu’s (2003) analysis of the daily and intra-daily trading patterns of individuals and institutions on the 
Nasdaq; or Griffin, Harris, Shu and Topaloǧlu’s (2011) finding that institutional investors drove prices during the 
bubble and led it to burst.  
12 For early references see, e.g., Coval and Moskowitz (1999) in the United States; Kang and Stultz (1997) in Japan; 
and, Feng and Seasholes (2004) in China.  
13 In addition to the studies already cited in the Introduction, see in particular Bessembinder (1992), Chang, Chou, 
and Nelling (2000), de Roon, Nijman, and Veld (2000), Wang (2003), Piazzesi and Swanson (2008), and Gorton, 
Hayashi and Rouwenhorst (2015). 
14 See, e.g., Aulerich, Irwin, and Garcia (2015) and references cited therein. 
15 For example, Bruno, Büyükşahin, and Robe (2017) use public COT data to document the impact of agricultural 
futures markets’ financialization on the extent to which grains and livestock markets co-move with equity markets. 
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Comparatively very few studies use the CFTC’s confidential, trader-level end-of-day 

position data—and many of those that do predate the financialization of commodities that started 

15 years ago.16 Closest in spirit are Ederington and Lee (2002), analyzing the heating-oil futures 

market’s position makeup in 1993—1997; Büyükşahin et al. (2011), documenting the 

financialization of the crude oil futures market in 2000—2010; and Mixon, Onur, and Riggs 

(2017), comparing WTI derivatives traders’ activities in over-the-counter vs. exchange 

commodity markets during a single month in June 2015. All of those studies, however, deal with 

energy markets (mostly crude oil). Papers using internal CFTC data to analyze agricultural 

markets include Fishe and Smith (2012) on informed trading, Aulerich et al. (2013) on 

commodity indexing, and Cheng et al. (2014) on cross-markets shock transmissions. Those 

articles, however, focus on commodity price dynamics: they do not seek to provide detailed, 

comprehensive information on the composition of the open interest or on futures trading patterns 

in agricultural markets.17 Doing so is our goal.  

We therefore contribute to the literature in several ways. One, we provide the first 

detailed overview of the market activities of nine distinct categories of market participants in the 

largest U.S. agricultural futures markets: corn, soybeans, and wheat. We show that the bulk of 

the futures open interest can be attributed to the positions held by fewer than 200 non-

commercial managed money traders, CITs, and commercial dealers/merchants. 

Two, we find big differences between the behaviors of different categories of commercial 

(and non-commercial) futures traders in these markets. We also identify a strong negative 

correlation between the short futures positions of two categories: hedge funds vs. commercial 

dealers and merchants.  

16 For instance, Chang, Pinegar, and Schachter (1997) look at activity in six futures markets (including corn and 
soybeans) between 1983 and 1990. 
17 The same is true of widely-cited earlier studies by Hartzmark (1987, 1991) and Leuthold, Garcia, and Lu (1994). 
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Three, we document that not only non-commercial traders and commodity swap dealers, 

but also traditional commercial traders (especially, dealers and merchants), engage in substantial 

amounts of calendar spreading. Indeed, we document for the first time that commercial dealers 

and merchants alone account on average for over a third of all overnight calendar spreading in 

the corn, soybean, and HRW wheat futures markets. On some days, they even account for almost 

half of all calendar spread positions in these markets.  

III. Data and Sample Coverage 

Our trader-level data originate from the CFTC’s Large Trader Reporting System (LTRS). 

The LTRS data are uniquely comprehensive: they classify all traders, whose futures positions are 

reported to the CFTC, according to their underlying businesses and purposes for trading, and 

they identify the end-of-day positions (at the owner level) separately for each commodity and for 

each futures contract maturity.  

We focus on the positions held overnight (or longer) by all participants that were reported 

to the CFTC in any of the four largest U.S. grain and oilseed futures markets: CBOT corn, 

soybean, soft red winter (“SRW” or Chicago) wheat, and hard red winter (“HRW” or Kansas 

City) wheat. Our sample period runs from January 2015 through August 2018.  

A. Public Data: The CFTC’s Commitments of Traders Reports 

For all major U.S. futures markets, data on the positions held in the aggregate by “large 

traders” (i.e., those whose positions are reportable to the market regulator because they exceed a 

certain threshold) are published every Friday by the CFTC in its COT reports. These reports 

collect individual trader positions across all maturities at the end of the preceding Tuesday, and 

aggregate them into a small number of trader categories. The COTs also show the long and short 
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aggregate positions of the non-reportable traders, i.e., the difference between the total open 

interest and reportable (“large”) traders’ aggregate long or short positions.  

B. Trader-Level Data 

The non-public trader-level data used in this paper are the very information on which the 

CFTC draws in order to create its weekly COT reports. Our findings are thus directly relatable to 

the studies that are based on the less detailed (but publicly-available) COT data. Specific 

differences are discussed in Section III.D below. 

Our unique dataset includes the open positions held at the end of every trading day by, 

and the main business and purpose for trading of, each trader whose end-of-day futures positions 

in any of our four markets were (and, in many cases, had to be) reported to the CFTC that day. 

We find 3,854 such market participants in our sample. Of these, just under half (1,825) held 

overnight positions in a single market; over a quarter (892) were active in two markets; and 

approximately one seventh, in each case, were active in either three markets (581) or in all four 

markets (556) on at least one day in the sample period.  

C. Total Open Interest and Sample Coverage 

For each market in our sample period, Table 1 provides more information on the futures 

open interest level and percentage reported (sample coverage Panel A) and on the number of 

reported traders (Panel B).  

Panel A shows the average daily open interest (OI) in each market, aggregated across all 

contract maturities, and the share of that total which is attributable to the reported traders’ 

positions. In all four markets, the contract size is 5,000 bushels. The first column, based on 

public data from the CME, shows that the corn OI is on average approximately twice as large as 
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the soybean OI, which itself is about two-thirds larger than the SRW wheat OI, which in turn is 

almost twice as large as the HRW wheat OI.  

The last two columns of Panel A show that, in all four markets, roughly 90 percent of the 

total OI can be traced to the positions of the 3,854 reported traders in our sample. Reported 

traders’ aggregate contribution to the total OI in 2015—2018 is, on average, a few percentage 

points greater on the long side than on the short side. The mean differences between the long and 

short OI coverages, however, are small or very small (around 1 percent more in wheat, about 3 

percent more in corn, and just over 5 percent more in soybean).18 

While our sample comprises almost four thousand market participants whose positions 

were reported to the CFTC at least one day in 2015—2018, Panel B in Table 1 shows that the 

average number of traders reported on any given day is approximately one fourth of that total. 

This is true in all four markets: corn (771 traders reported on the average day vs. 2,576 total in 

the sample), soybeans (645 vs. 2,377), SRW wheat (428 vs. 1,744) and HRW wheat (254 vs. 

879). The reason is that, on many days of the year, most traders in our sample either hold no 

position or hold positions that are so small that they are not reported.  

D. Comparison with the COT coverage 

A natural question is how the OI contribution of the “large” (i.e., reportable) traders in 

the public COT reports compares with our figures for all (reported) traders. Intuitively, the 

former is a subset of the latter. Thus, the two should differ due to differences in the respective 

treatments of the information that the CFTC receives, regarding small traders whose positions 

were below the mandatory-reporting threshold but were nonetheless reported to the CFTC:  

18 Not only is the difference small on average, but we find several ordering reversals for the long vs. short coverage 
over the course of our sample period. Hence, we ignore these minor coverage differences in the rest of the paper. 

12 

http:soybean).18


 

 

 

  

 

 

 

 

 

 

                                                 
 

 

(i) In the public COTs, “large trader” figures for a given market only include the traders 

whose positions exceed the reporting threshold for that market. The COTs lump hundreds 

of smaller traders, whose positions on a given day are reported to the CFTC even though 

they fall below the reporting threshold, with all the other “non-reportable” long or short 

positions that day.19 

(ii) In contrast, we use all the information available internally to the CFTC about these 

smaller traders and we aggregate their positions with the relevant subset of “large” 

traders, which yields a fuller picture of the overall OI composition.  

In theory, this difference in approach should result in our sample’s having a larger OI 

coverage (relative to the COT reports). In practice, though, we find that the difference is small— 

which shows the COTs relevance and usefulness to their target audience.  

Precisely, the first two columns of Panel B in Table 1 do show that the daily average 

number of reported traders in our sample is higher than the daily average of large traders in the 

COTs. However, the difference in average trader counts is rather small: under 5 percent in corn 

(771 daily average count of reported traders in our sample vs. 737 “large traders” in the same 

period’s COTs), about 10 percent in SRW wheat (428 vs. 385), 20 percent in soybean (645 vs. 

527), and 30 percent in HRW wheat (254 vs. 196). More importantly, because the traders that we 

keep in our sample (despite their being excluded from the COT “large trader” figures) have—by 

nature—very small individual positions, even the larger trader-count differences in soybeans and 

HRW wheat ultimately make little difference in the fraction of the open interest that is covered 

by the COT vs. our method. In Section IV, we provide further evidence that the COTs adequately 

capture activity in our four agricultural futures markets, in that most of the total OI can be traced 

19 For example, if a reported trader is above the reporting threshold for corn but not for soybean, then the COT only 
counts the trader as a “large trader” in corn. 
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to the aggregate positions of around two hundred large traders who are active every single day 

and whose positions make up the bulk of the COT “large-trader” open interest figures.  

E. Directional vs. Mixed Traders 

Beside the total trader counts across the full sample, the right-most part of Panel B in 

Table 1 breaks down the total number of reported traders into the number of traders whose 

positions are “Long Only,” “Short Only,” or “Mixed” across all maturities and all sample days. 

Figure 1 does a similar breakdown of the daily long and short open interests. To arrive at these 

figures, in each market, we first tally up individual traders’ long and short positions across all 

futures maturities for each trading day. Then, we scan each trader to see whether, in that market, 

it has non-zero positions, across all trading days, in the long or the short bucket—or in both.  

Depending on the market, Table 1 shows that only about a quarter (corn, soybeans, HRW 

wheat) to one third (SRW wheat) of all traders are unidirectional, i.e., always long or always 

short.20 In our 2015—2018 sample, strikingly, most traders belong to the “Mixed” category— 

either because they are “switchers” (directional traders who are “Long Only” on some days and 

“Short Only” on other days), or because they are “calendar spreaders” (i.e., they hold spread 

positions on at least some days). In Section VII, we refine and develop this finding by showing 

that calendar spreading is a crucial part of trader positioning in agricultural futures markets.  

Note that Table 1, by focusing on a head count of unidirectional trader as opposed to the 

open interest held by those unidirectional traders, likely overstates the latter’s importance. 

Intuitively, this is because, if some traders hold positions small enough that they are reported to 

the CFTC on only a few days, then the likelihood that they are only long or only short on those 

few days when we see them (even if they are active all days and switch direction over time or 

20 Long-only traders are almost twice as numerous as short-only traders in three of our four markets. The outlier is 
soybean, a market that boasts the smallest proportion of directional traders overall (just under a quarter of the total). 
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seasonally) should be higher than for traders that are large enough for us to see them on most 

days. Figure 1 supports this intuition by showing that, unlike spreaders and switchers, long-only 

and short-only traders indeed contribute to a very small share of the total open interest. 

These novel findings bear underlining. As far back as Keynes (1930), many academic 

studies of futures markets have adopted the dichotomous view that the commodity space is 

divided between speculators and hedgers—with one group always long and the other always 

short. Table 1 and Figure 1, however, show that (at least in the past four years) most agricultural 

futures traders large enough to be reported to the CFTC are not always short or always long, and 

that the unidirectional minority accounts for only a minute share of the total open interest.  

IV. The Bulk of the Market: Approximately Two Hundred Large “Persistent” Traders  

In Section III.D we noted that, in the four markets of our study, the daily average number 

of traders reported to the CFTC is only one quarter (at the most, one third) of all reported traders 

in the entire sample. Most traders are thus not “persistent” in that they hold no position (or their 

positions are too small to be reported) on many or most business days. Table 2 and Figure 2 

revisit this observation.  

Table 2 provides information related to trader “persistence” during our sample period. 

Specifically, Panel A splits all reported traders into quartiles based on the number of days in 

2015—2018 when their positions were reported to the CFTC in a given market. The first three 

columns focus on sample totals, while the last three columns provide daily averages.  

For each market, Column 1 in Panel A shows the number of traders in each quartile. 

Column 2 shows the average number of days when traders in each quartile had their positions 

reported. Finally, Column 3 expresses that average number of days as a percentage of the total 

number of days in the sample.  
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Column 3 highlights the same pattern in all four markets. Namely, the bottom quartile 

(Q1) of traders is present on approximately just one percent of the days in the sample, whereas 

traders in the top quartile (Q4) have positions large enough to be reported on about three quarters 

to four fifths of all 925 sample days.21 

Intuitively, the traders from the top quartile (Q4) should thus account for the bulk of the 

open interest, while traders in the bottom quartile (or even the bottom half) should account for 

relatively little. Columns 5 and 6 of Panel A in Table 2, as well as Figure 2, confirm these 

conjectures.  

Column 5 (6) shows the daily average share of the long (short) open interest due to the 

traders from each quartile.22 In all markets, traders from the top quartile account for around 80 

percent (or more) of the total OI on average. Figure 2 shows that this average pattern generally 

holds throughout the sample period, with the top quartile (Q4, plotted in grey) making up the 

vast majority of the total reported OI on every single day in our sample period.  

In contrast, traders from the bottom half of the persistence distribution make up (on 

average) less than two percent of the total OI. This empirical fact represents an important aspect 

of the end-of-day trader-level information. Namely, the majority of traders hold tiny overnight 

positions: as a result, their positions are reported on only a small (or very small) number of days 

and make up a very small share of total OI.  

Panel B of Table 2 looks at persistence through a slightly different prism, by tabulating 

how many of the 3,854 traders in our sample period had their positions reported to the CFTC on 

just five or fewer trading days (Column 1), on all 925 sample days (Column 3), or anywhere in 

21 Column 4 shows the average number of traders from each quartile reported on a typical day in the sample. For Q2 
to Q4, it increases almost linearly. In contrast, the typical day sees a trivial number of traders from Q1, i.e., from the 
bottom quartile. 
22 The numbers do not sum up to 100 percent across all four quartiles, because the total open interest also includes 
non-reported traders’ long and short positions. 
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between (Column 2). We find only 197 large traders who were active every single trading day in 

our sample, in one or more markets: 142 in corn, 94 in soybean, 80 in SRW wheat, and 43 in 

HRW wheat. In contrast to these 197 “permanent” traders, approximately thrice as many traders 

are ephemeral in that their futures positions were reported to the CFTC on five or fewer days.  

In sum, the information provided in this Section and in Section III.D above shows that 

approximately two hundred “permanent” traders make up a large share of the open interest in 

grain and oilseed futures markets.23 Thus, although our sample contains 3.5 to 5.5 times as many 

traders as are found on a weekly basis in the public COT reports, the COTs are nevertheless a 

valuable public resource in that a small subset (five percent) of all reported traders accounts for 

much of the total futures open interest. Trader persistence and trader size both matter.  

V. Disaggregating the Futures Trader Participation Counts and Open Interest  

Sections III and IV show that the traders in our sample are heterogeneous in terms of the 

directionality of their positions and of how often they hold positions large enough to be reported 

(“trader persistence”). Furthermore, we also know from the CFTC’s public COT reports that 

traders differ in their purposes for trading too.  

This Section draws on internal CFTC data to assign market participants into sub-

categories based on their reasons for using agricultural futures and options markets (Section V.A 

on “commercial status” and indexing), on their main lines of business (Section V.B, which 

disentangles the market activities of various kinds of participants), and on the term structures of 

their respective positions (Section V.C on short-dated vs. long-dated open interest) as a prelude 

to the discussion of traders’ effective price exposure (Section VI on directional vs. basis risk).  

23 It may be that those “ephemeral” traders do not hold any positions on most days in 2015—2018 or it may be that, 
on most days, their positions are not large enough to be reported to the regulator and are not reported. 
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A. Purpose for Trading: Commercial Status and Index trading 

The CFTC’s COT reports split large traders between “Commercial” and “Non-

commercial” traders. All of a trader’s positions in a commodity are classified as commercial if 

that trader uses futures contracts in that particular market for hedging as defined in CFTC 

regulations. As noted in the Introduction and in the Literature Review Section, a large body of 

prior research uses the COT data in an attempt to identify the presumed impacts on prices of 

“hedgers” (proxied by commercials) and “speculators” (proxied by non-commercials). Numerous 

professional newsletters and forecasting services also use the COT data as the basis of some of 

their market and industry commentaries.  

1. Relative importance (trader counts): C, NC, CIT 

It is well known that a subset of all commercial (C) and non-commercial (NC) traders in 

our sample period are wholly or substantively involved in commodity index trading business. A 

review of these commodity index traders’ (CITs) confidential filings with the CFTC shows that 

most of them are either managed money traders (on the non-commercial side) or commodity 

swap dealers (on the commercial side).24 

Table 3 shows trader counts and shares of open interest by product, according to our 

initial grouping of all traders (non-CIT commercial, non-CIT non-commercial, and CIT) whose 

positions were reported to the CFTC at least one day in our three and one half years’ sample. The 

first two columns show trader counts by product and participant type. The first column shows 

traders observed on at least one day in the entire sample, while the second column identifies the 

24 These swap dealers’ positions “predominantly reflect hedging of over-the-counter transactions involving 
commodity indices—for example, swap dealers holding long futures positions to hedge short OTC commodity index 
exposure opposite institutional traders such as pension funds” (CFTC, 2006). Put differently, their futures positions 
substantially echo (i) over-the-counter (OTC) swap transactions with other commercial entities, (ii) swap deals with 
commodity index funds and other financial investors, or (iii) a combination thereof. 
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number of “permanent” traders as defined in Section IV. The next three columns show each of 

the three trader categories’ respective aggregate shares of the long, short, and total open interests.  

To construct Table 3, we first use the CFTC’s internal data in order to separate all the 

commercial and non-commercial traders that are substantially involved in CIT business from 

those that are not.25 We then combine the former into a single new “CIT” category.  

Our resulting CIT category comprises 66 institutional traders across these four markets. 

Just over half of the 66 are non-commercial managed money traders. The majority of the others 

are commodity swap dealers.26 The first column in Table 3 shows that most CITs are involved in 

multiple agricultural futures markets, though the HRW wheat futures market has a quarter fewer 

CITs (46) compared to the other three markets (60+ each in corn, beans, and SRW wheat).27 

The first column in Table 3 also provides information about the 3,788 non-CIT traders in 

our sample. It shows that there are from two (corn and HRW wheat), to three (soybean), to four 

(SRW wheat) times as many non-commercial traders as there are commercial ones.  

The second column of Table 3 provides a breakdown by category of the 197 “permanent” 

traders in our sample (i.e., traders observed every single day in 2015—2018). Column 2 shows 

that, while CITs are but a tiny fraction of all reported traders, they make up between 1/5th and 

1/3rd of the 197 permanent traders. Furthermore, for all products except SRW wheat, non-CIT 

commercial traders are the most likely to be “permanent” (i.e., to report positions every day 

during the sample) even though non-commercial traders dominate the overall trader headcounts. 

These two findings suggest that, when looking at the contribution to the total open interest rather 

25 Section V.B.2 below shows that the former account for about 60 percent of all commodity swap dealers in terms 
of trader count, but make up the bulk of all commodity swap dealers’ positions in terms of futures open interest. 
26 On January 5, 2007 the CFTC began publishing “COT Supplemental” reports that identify the overall positions of 
CITs for twelve agricultural commodities (not for other commodities). These supplemental reports, which cover the 
four grain and oilseed markets studied in the present paper, do not provide any position breakdowns by maturity— 
nor do they break out CITs’ calendar spread positions.  
27 Internal data used for Table 3 shows that 59 out of 66 CITs are present in 3 or more of our 4 markets. 
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than at the number of reported traders, the ranking of those three broad categories (C, NC, CIT) 

should be altered. We verify this intuition in the next sub-Section.  

2. Relative importance (open interest): C, NC, CIT 

While CITs represent under two percent of all traders in our sample (and under three 

percent in any given market), they account for a large share of the long open interest. The third 

column of Table 3 shows that CITs make up approximately 3/10th (soybean), 1/3rd (corn; HRW 

wheat), or 4/10th (SRW wheat) of the long open interest held by reported traders. As discussed 

earlier, because traders whose positions are not reported to the CFTC make up 9 to 13 percent of 

the total end-of-day open interest on average (see Table 1), CITs account for about one 1/5th to 

about 1/4th of the average total (reported and non-reported) long open interest.28 CITs’ aggregate 

share of the short open interest is much smaller—less than one-sixth of their long open interest 

share in every market. As we shall see in Section VI.A below, furthermore, almost all of CITs’ 

short futures positions can be traced to calendar spreading by CITs.  

The third and fourth column of Table 3 show that, notwithstanding a much lower number 

(headcount) of commercial traders, the commercial and non-commercial shares of the reported 

open interest are quite similar in the corn, HRW wheat, and soybean futures markets (in the 

soybean market, the total non-CIT commercial open interest even exceeds the total non-CIT, 

non-commercial open interest). In this respect, as in many others, the SRW wheat futures market 

stands out: non-CIT non-commercial traders’ contribution to the short open interest is almost 

28 The fact that CIT short futures positions are non-zero in the aggregate stems from (i) the strategies of second- and 
third-generation CITs and (ii) to a much larger extent, the non-CIT activities of the swap dealers involved in CIT 
business—data that the CFTC internal data to which we had access do not break out. In fact, “some traders assigned 
to the (CIT) category are engaged in other futures activity that could not be disaggregated. As a result, the (CIT) 
category, which is typically made up of traders with long-only futures positions replicating an index, will include 
some long and short positions where traders have multi-dimensional trading activities, the preponderance of which 
is index trading. Likewise the (CIT) category will not include some traders who are engaged in index trading, but for 
whom it does not represent a substantial part of their overall trading activity.” (CFTC, 2018). 
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double that of non-CIT commercial traders. As a result, if we add up all non-commercial and 

CIT positions, we see that over three quarters (75.8 percent ) of the average reported SRW wheat 

open interest is ultimately the result of positioning by financial traders of one kind or another.  

B. Activity Patterns of Nine Trader Sub-categories 

Sections IV and V.A hint at substantial trader heterogeneity along multiple dimensions 

(trader size, number of days reported to the regulator, commercial status, etc.) even within the 

same broad category—whether it be commercial or non-commercial traders. In this sub-Section, 

we use internal CFTC data regarding not only each trader’s purpose for trading (commercial or 

not) but also its main line or lines of business in order to characterize the positions of eight, more 

homogeneous, non-CIT, commercial (3) and non-commercial (5) trader sub-categories.  

Table 4 breaks down the sample averages presented in Table 3, for our expanded set of 

nine (rather than three) trader groups. Figure 3 complements Table 4 by showing, from 2015 to 

2018, the daily stacked shares of the total long (top figure in each panel) and short (bottom figure 

in each panel) open interest that are held by the nine trader groups defined above, in the four 

largest U.S. agricultural futures markets. The long and short OI shares of the smallest traders, 

whose positions are not reported to the CFTC, are shown in grey at the top of each plot in Figure 

3. Figure 4 contains the same information as Figure 3 does, but it uses unstacked line plots so as 

to better highlight position patterns over time within and across specific trader sub-groups.  

1. Disaggregating the public data 

We discussed the CIT group in Section V.A above. On the commercial side, we assign 

each non-CIT trader to one of three groups:  
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(1) “Dealers/Merchants,” (AD), i.e., grain or oilseed wholesalers, exporters/importers, 

marketers, etc.;  

(2) “non-CIT Commodity Swap Dealers” (AS), i.e., the subset of all commercial swap 

dealers who are not substantially involved in indexing activity;  

(3) “Other non-CIT traditional commercial” traders (AT), made up of all “Producers” (a 

self-explanatory grouping), “Processors” (biofuel refiners, mills, etc.), and other commercial 

users of agricultural futures. Granted, producers and users of a physical commodity should not 

have the same hedging needs, so it is not ideal to lump them into a single grouping. We do so, 

still, to retain enough traders in each of our trader groupings and thereby preserve confidentiality 

when we split sub-group positions by maturity and/or directionality.29 

On the non-commercial side, we create five non-CIT trader sub-categories:  

(4) non-CIT hedge funds or Managed Money Traders (MMT), including for each market 

all the non-CIT traders that are registered with the CFTC as a commodity pool operator, trading 

advisor, “associated person” controlling customer accounts, or otherwise as “money manager;”30 

(5) “Floor Brokers and Traders,” (FBT) a group in which we include floor brokers, floor 

traders, introducing brokers, and similarly registered traders; 

(6) “Financial Dealer Intermediaries,” (FDI);  

(7) Traders with multiple registrations that are not registered as MMT and are not known 

to engage in index trading—we refer to this as the non-commercial “mixed” category (FMX);31 

29 The trader-level data do differentiate producers from processors and also from “other” commercial futures traders. 
In one of our four markets market, unfortunately, the total number of traders in one of these more homogeneous (but 
smaller) sub-sub-categories is quite low (at some maturities). Out of an abundance of caution, we therefore refrain 
from further such disaggregation in order to respect the confidentiality statutes under which the CFTC operates. 
30 Loosely speaking, our MMT category can be viewed as grouping all non-CIT hedge funds. Büyükşahin et al 
(2011) discuss in more detail the term “hedge funds” in the context of commodity futures markets.  
31 We treat traders with multiple CFTC registrations as follows. The CIT “flag” takes precedence over all others. (i) 
For commercials, we then give precedence to the non-CIT swap dealer (AS) and commercial dealer (AD) flags over 
all others; we lump all commercial traders with any other classification than AS or AD in the “other traditional” 
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(8) Finally, we create a catch-all sub-category for all non-commercial traders whose 

positions are reported to, but who do not need to register with, the CFTC under the Commodity 

Exchange Act. We referred to them as “non-registered participants” (NRP). This fifth sub-group 

also includes some smaller non-commercial traders with no reporting obligation but whose 

positions are nevertheless reported to the CFTC.   

2. Deconstructing the commercial category 

a. Average patterns 

Table 4 shows that, on average in three of the markets under study (corn, soybean, and 

HRW wheat), the dealers/merchants category (AD) is not merely the largest (by far) of our three 

commercial sub-groups: it is also the largest of all nine trader groups (CIT, commercial, or non-

commercial). Precisely, the last column of each panel in Table 4 shows that the aggregate AD 

positions account for 31 to 37 percent of the average daily (long and short) reported open interest 

in these three markets.  

As could be expected from the discussion above, SRW wheat stands out. In that market, 

Table 4 shows that, while ADs still make up the largest commercial non-CIT category, they 

account for 18 percent of the average daily reported open interest—swamped by the 25 percent 

held by CITs and over 40 percent held by MMTs (see Section V.B.3 below).  

In all four markets in our sample, columns 3 and 4 of Table 4 show that AD positions are 

much larger on the short side than on the long side. The percentage difference is about one third 

in soybeans (with AD positions making up 30% of the long reported open interest vs. a 

whopping 44% of the short reported open interest) but more than half in other markets (19 of the 

category (AT). (ii) For non-commercials, we give precedence to the CIT flag first, then to the non-CIT MMT flag 
over all others, and we group traders with multiple non-CIT, non-MMT classifications into a “other/mixed” category 
(which we denote FMX for “Mixed”). 
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long vs. 45 percent of the short open interests for corn; 19 vs. 43 percent for HRW wheat; and, 12 

vs. 24 percent for SRW wheat).32 

At the other extreme, in all four markets, the smallest of our three commercial sub-

categories comprises those commodity swap dealers that are not substantially involved in CIT 

activity (AS). The average AS share of the total reported open interest is between two and three 

percent, and the aggregate long and short AS positions are basically balanced in each market— 

except for soybean futures. In the latter market, the AS share of the long open interest is four 

percent, or about double the AS share of the short open interest.33 

With AD being the largest commercial category and AS the smallest, the second-largest 

commercial sub-category is AT (“traditional commercials” such as producers, processors, etc.), 

which the last column of Table 4 shows account for 4 to 8 percent of the total open interest on 

average. In the aggregate (across all traders and maturities), comparing columns 3 and 4 in Table 

4 show that ATs are on average net long for corn and HRW wheat futures, “balanced” on both 

sides for SRW wheat, and net short for soybean futures. On a minor note, the AT aggregate open 

interest share is relatively greater in soybeans than in futures. This dissimilarity can be traced to 

structural differences in the industrial organization of the market for physical bean processing.  

b. Behaviors over time 

In the aggregate, one would expect these three kinds of commercial market participants 

(AD, AT, AS) not only to differ on average (as shown in Table 4) but also to trade quite 

differently over time. This expectation is confirmed in Figures 3 and 4, which shows each 

category’s respective share of the long and short open interests for each day in our sample. 

32 This cross-market difference in AD shares would be hidden if one were to look at the total reported open interest, 
as AD shares of the latter are quite similar—e.g., respectively 32 and 37 percent for corn and soybean. 
33 Again, looking only at the share of the total reported open interest hides the differences between markets, as 
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Figure 3 stacks the respective long and short open interest shares of our nine trader categories 

(plus the shares of all non-reported traders), while Figure 4 presents the same information in an 

“unstacked” format that better highlights cyclical and other changes over time.  

Figure 3 confirms that, whereas CITs contribute the most to the long open interest, ADs 

account for a particularly large fraction of the short open interest. Figure 3 also shows that—in 

the aggregate—ADs are often net short (resp. long) when other traditional commercial traders 

are collectively net long (resp. short). These positioning differences are obscured in the public 

COT reports, as the latter lump within a single category all AD and all AT traders—i.e., all large 

“Producers,” “Processors” (mills, biofuel refineries, etc.), “Merchants” (elevators and other kinds 

of physical-market dealers) as well as all other commercial “End-users” that are not dealers.  

Figure 3 and 4 also show that, among our three commercial sub-categories, ADs exhibit 

the most within-sample variation on both sides of the market (with the AD aggregate share of the 

short open interest showing the most variation over time). In contrast, the respective total 

contributions of our two other commercial sub-groups (AT and AS) do not show significant 

changes over time: Figure 4 makes this fact especially clear.  

The differences across products identified by Figures 3 and 4 reflect the specifics of the 

market structure for each commodity. They also reflect market-specific shocks: for example, the 

typical seasonal fluctuations in aggregate AD short positioning that Figures 3 and 4 identify in 

each of our four markets is hard to detect for soybeans in 2016—precisely when a drought in 

Argentina majorly impacted the physical soybean market.   

3. Deconstructing the non-commercial category 

In each of our four markets, Table 4 and Figures 3-4 show that non-CIT MMTs account 

for the bulk of all non-commercial positions. Specifically, non-CIT MMTs make up, on average, 

25 



 

 

 

 

 

                                                 

 
  

 

about a quarter (corn, soybeans) to one third (HRW wheat) to over two-fifths (SRW wheat) of 

the reported (long and short) open interest. As a fraction of the total open interest (i.e., including 

all traders, whether reported or not), the MMT share is naturally smaller—but it still ranges from 

over a fifth to over a third of the total open interest in each market. In the aggregate, non-CIT 

MMT are generally net short—a little in soybeans (where, as noted above, the AD category 

dominates the short open interest) but a lot in the corn and wheat markets.  

One of our contributions is to break down “Other Reportables” (OR)—one of two broad 

non-commercial categories in the disaggregated COTs’—and to show that each of its component 

trader sub-groupings is quite small.34 First, some “Other Reportables” are substantially involved 

in CIT activity—so, as noted in Section V.A, we group them with other CITs (swap dealers and 

MMTs). Such traders account for less than four percent of the reported long open interest in each 

market. Second, Floor Brokers and Traders (FBT) are a small category as well, contributing 

around two percent to both the long and the short reported open interest in 2015—2018. Third, 

of the remaining (i.e., non-CIT) “Other Reportables,” Table 4 shows that traders registered as 

financial dealer intermediaries (FDI) and traders with multiple non-MMT registrations (FMX) 

each only account for about one percent of both long and short reported open interest in 2015— 

2018 (and, therefore, less than one percent of total open interest). This leaves non-commercial 

market participants that are not registered with the CFTC to account for between five and eight 

percent of the long and short reported open interests. In each of our four markets, these “NRPs” 

(i.e., traders whose positions are reported to the CFTC, but that do not need to register with the 

regulator) hold broadly similar shares of the long and short open interests.  

34 This category caught the eye of the financial press in recent years due to the combination of its sharp growth after 
2006 (in some markets), the heterogeneity of the traders comprising it, and the uncertainty regarding the relative 
importance of these different kinds of traders. See, for instance, “Unknown Traders Gain Influence in Commodities 
Markets.” Financial Times, November 26, 2017 in the specific cases of WTI crude oil and SRW wheat futures. 
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4. AD vs MMT: Negatively correlated aggregate positions 

Figures 3 and 4 show that the open interest shares of two (out of nine) trader categories 

fluctuate the most in our sample period. Over time, the aggregate positions of ADs and those of 

MMTs each fluctuate substantially and they are highly negatively correlated with each other.  

Figures 3 and 4 show that the negative correlation between AD and MMT positions is 

present on both the long side and the short side—but is much stronger on the short side. As a 

result, the sum of the end-of-day short positions held in the aggregate by ADs and MMTs varies 

much less than each of its two components (i.e., the aggregate short positions of either ADs or 

MMTs). Figure 3 makes this fact clear by stacking the MMT and AD positions at the top of the 

two figures in each panel. In Figure 4, whose four panels plot the unstacked market shares of our 

nine trader categories for each market, it is even harder to miss the dominance of ADs and 

MMTs and the negative correlation between their aggregate short positions.  

Figures 3 and 4 also highlight some cyclicality in both the MMT and the AD positions. 

These cyclical patterns are not solely related to prompt-month contract expirations. Instead, some 

of these AD/MMT counter-fluctuations are clearly tied to physical market events. For example, 

an annual cycle is evident for corn, with major changes in AD and MMT shares of the reported 

open interest taking place in June or July each year. A similar annual pattern is visible in the 

soybean market, but it was interrupted in 2016 amid a drought in South America that strongly 

affected AD and MMT short positioning. Still, higher-frequency waves are also plainly visible— 

raising the question of what drives those patterns. An interesting question for further research, 

then, is whether the latter might be related to one set of traders’ providing liquidity to the other 

amid large changes in prices, as suggested by Kang et al (2017).  
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C. Trader Positioning across Agricultural Futures Curves 

As a prelude to our main analysis of the maturity structure of trader positions in Sections 

V.C.2 and VI below, we start by providing, in Section V.C.1, a breakdown of the typical end-of-

day positions by commercial/indexing status and maturity bucket (see Table 5 for information 

related to trader counts; see Table 6 for shares of total open interest). As in Section V.A above, 

in contrast to the CFTC’s public COT reports, we have a separate category for participants 

(whether commercial or not) that are substantially engaged in CIT activity. 

1. Trader participation across the maturity curve: C, NC, CIT trader counts 

Columns 2 and 3 in Table 5 show that, whereas virtually all CITs and more than 85 

percent of the non-CIT commercials hold both short-dated (130 days or less) and longer-dated 

(130+ days) futures positions on at least some days in the sample, this pattern does not hold true 

for non-CIT, non-commercial traders.35 Indeed, one fifth (corn), one quarter (soybean), two fifths 

(HRW wheat), or more than three fifths (SRW wheat) more non-commercial traders hold short-

dated futures positions than do hold contracts with maturities in excess of four months. 

The non-commercial rate of long-dated participation drops especially steeply at 

maturities exceeding a year. Barely 20 to 30 percent of all reported non-commercial traders hold 

positions in 1+ year futures (vs. one half to three quarters of all commercial traders, and just 

under one half of all CITs).36 

35 We choose a cutoff of 130 days in order to minimize fluctuations in bucket-specific open interest around prompt-
contract expiration days, and to ensure that the short-dated bucket contains a minimum of two contract maturities in 
each of our four markets. 
36 While most commercial traders, and a substantial fraction of non-commercial traders, hold positions in both the 0-
130 and 131-365 maturity buckets, a much smaller number of traders hold positions in contracts with maturities of 
one to three years, and virtually none holds positions in contracts expiring in over three years. As a result, over 95% 
of large traders’ positions in agricultural futures markets have maturities of a year or less. This maturity structure of 
participation levels and open interest stands in sharp contrast to the patterns observed in the WTI crude oil futures 
market—where, between 2003 and 2010, a large number of futures traders were active at horizons longer than three 
years (Büyükşahin and Robe, 2011). 
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2. Maturity structure of trader positions: Open interest for nine trader categories  

Whereas Table 5 looks at trader counts for three broad types of traders, Table 6 looks at 

open interest shares for nine finer sub-groups. It is publicly known, from data published by the 

market operator (the CME Group), that around 95 percent of all agricultural futures positions are 

held in contracts with maturities of less than a year. Table 6 refines this publicly available fact, 

by showing that this pattern holds for every one of our nine aggregate trader categories.37 

Table 6 also shows that non-commercial traders’ predilection for shorter-dated contracts, 

already noted in Table 5, is especially pronounced when measured in terms of open interest.  

First, looking at the two broad (non-CIT) commercial and non-commercial categories, a 

comparison of the first and last columns in each panel of Table 6 finds 50+ percent (corn, Panel 

A; soybeans, Panel B) to 60+ percent (wheat, Panels C and D) less non-commercial open interest 

in longer-dated futures (from 130 days to a year) than in shorter-dated contracts (130 days or 

less). In commercial traders’ case, by contrast, Table 6 documents a much smaller percentage 

difference between the magnitudes of the shorter- vs. longer-dated open interests—20 to 30 

percent, depending on the market.  

Second, looking at all nine trader sub-categories, Table 6 documents that the aggregate 

positions of most—but not all—trader categories are somewhat larger in longer-dated than in 

shorter-dated contracts. In all four markets, though, MMTs stand apart: unlike other kinds of 

non-commercial traders and unlike virtually all commercial trader groups, MMT positions are in 

the aggregate much more heavily tilted toward the near-term (130 days or less).  

Finally, in addition to differences based on commercial status and lines of business, a 

natural question is the typical size of the traders who hold relatively more short-dated contracts. 

37 A robustness analysis (available upon request) shows that the activity at very long maturities (more than one year) 
is not tied solely to the December (corn, wheat) / November (soybean) expiration cycles. 
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A comparison of Tables 5 and 6 gives the answer: for commercial and non-commercial traders, 

the focus on front end of the futures maturity curve is especially strong for smaller traders.  

VI. Calendar Spreading  

In Section III, we saw that the traders who account for the vast majority of the reported 

grain and oilseed futures open interest do not hold unidirectional positions: either they alternate 

between long and short directional positions over time, or they engage in calendar spreading at 

some points in time. In Section V, we saw that on any given day a large number of traders hold 

positions at various points of the term structure—suggesting that calendar spreading is pervasive.  

In fact, the CFTC’s publicly available “disaggregated” COTs helpfully provide weekly 

estimates of the calendar spread positions held in the aggregate by three of the four COT trader 

categories: Swap Dealers, Managed Money, and Other Reportables. Unfortunately, the COTs do 

not report the extent to which traders in the Producer/Merchant category (including cooperatives, 

wholesalers, elevators, etc.) also engage in spreading. Since there is ample evidence that this 

fourth kind of traders routinely take calendar spread positions, the COTs therefore understate— 

likely by a large amount—the true scope of calendar spreading in agricultural futures markets. A 

separate issue is that, since the COTs aggregate information across all futures maturities, they are 

silent about the specific kind of basis risk (short or long term) that calendar spreaders shoulder.  

Ascertaining the true extent of calendar spreading activity, as well as which section(s) of 

the futures curve it involves for each type of traders, is essential because it goes to the essence of 

whether agricultural futures traders face basis risk (calendar spreaders) as opposed to price level 

risk (directional traders).  

We utilize the CFTC’s internal trader-level data in order to answer those questions for all 

of our nine trader categories. Even these confidential data filed, however, do not identify whether 
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or not a given trader’s positions stem from spreading. Hence, for each trader, the magnitude of 

calendar spreading positions must be estimated. We propose two ways of doing so, with the goal 

of answering three questions: What kinds of traders engage in spreading, and to what extent? 

And, what is the maturity structure of that activity?38 

A. Identification of Spreading Activity: Method 1—Overall Extent 

Our first approach to estimate calendar spread positions is the same one that the CFTC 

uses to construct its own COT reports. The only difference is that we apply it to all traders in our 

sample, as opposed to just to the large traders from three of the four COT categories.  

We start by looking, for each trader, at overlaps between total long and short positions 

summed up over all reported contract expiration dates. For example, if a corn trader’s report on 

day T shows 25 long futures each in the May and the July expirations and 100 short futures in the 

December expiration, then we identify that trader as holding (on day T) 50 contracts in calendar 

spread positions and 50 contracts in an “adjusted” short position. We then compute, for each day 

T in the sample period, the aggregate spread position and the adjusted long and short positions 

across all traders in each of nine categories.  

1. Overall extent of calendar spreading 

Figure 5 shows, on average across the four largest U.S. agricultural futures markets in our 

sample period, the proportions of the reported open interest estimated to be related either to 

calendar spreading or to directional trading (whether long or short).  

Panel A shows estimates based on the CFTC’s weekly Commitments of Traders Reports 

(COT), which only provide estimates for reportable traders classified as Commercial Swap 

38 Appendix I gives technical details of how we define and estimate daily calendar spread positions for each trader. 
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Dealers, Managed Money Traders, or other non-commercial reportable traders (whether CIT or 

not). Armed only with Panel A, one would conclude that just over one fifth (22 percent) of the 

reportable open interest effectively stems from calendar spread positions.  

The COT reports, though, do not include estimates of calendar spreading activity for any 

commercial trader that is not a swap dealer. In Panel B, we use the CFTC’s internal data to 

provide estimates of the open interest shares tied to calendar spreading (vs. directional positions) 

for all reported traders— not just reportable ones, and regardless of a trader classification. Panel 

B shows, to our knowledge for the first time, that calendar spreading in fact makes up more than 

a third (34 percent) of all reported futures positions in these four markets.  

As discussed in Section III, traders whose positions are reported to the CFTC even 

though they fall below the regulatory reporting threshold account for a minute share of the total 

futures open interest. Hence, our including such traders in the spreading estimates for Panel B 

cannot explain the difference between 22 (Panel A) and 34 (Panel B) percent. Rather, it must be 

that commercial traders who are not swap dealers (dealers and merchants, mostly) account for 

more than a third of all calendar spread positions. The next sub-Section confirms this intuition. 

2. Calendar spreading patterns 

Figures 6 and 7 plot, for our nine finer trader categories, the estimated daily shares of the 

adjusted-long, adjusted-short, and calendar-spread open interests. As with Figures 3 and 4, we 

provide stacked (Figure 6) and unstacked (Figure 7) plots. Several stylized facts readily emerge:  

(i) As noted earlier, it is well known that a number of CITs that engage substantially in 

commodity index trading also hold non-trivial positions unrelated to that activity. On 

average, we know from Table 3 and Figure 3 (discussed in Section V.A.2 above) that 

CITs make up about 4 to 7 percent of the reported short open interest in 2015—2018. 
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Figure 6, which decomposes CITs’ aggregate short positions into (effective) spread 

positions and adjusted short positions, shows that the bulk of their short positioning in 

that period effectively constitutes one leg of various calendar spreads.  

(ii) Figures 6-7 also show that, after accounting for effective calendar spreading, CITs’ 

aggregate share of the adjusted long open interest varies relatively little over time.  

(iii) Furthermore, looking simultaneously at Figures 1 and 6 reveals that, consistent with 

the passive nature of index trading, most of the fluctuations in CITs’ aggregate share 

of the long futures open interest (in particular, the drop in the CIT share of the long 

corn open interest starting in 2017) can be traced to changes in the total market open 

interest rather than to changes in the number of contracts held by CITs.  

(iv) In all four agricultural futures markets, Figures 6-7 also establish that the MMT and 

AD shares of the spread open interest are negatively correlated. In each market, the 

correlations are somewhat weaker for spread positions than for adjusted short 

positions, though, and they are weakest in the case of SRW wheat.  

(v) While the adjusted long and short positions of our nine trader categories in Figure 6-7 

show patterns similar to those their unadjusted long and short positions in Figures 3-4 

(cf. Section V.B), the patterns in Figure 6-7 are sharper. In particular, the negative 

correlation between the aggregate MMT and AD shares of the short open interests is 

even more evident for the adjusted short positions (Figure 7) than for the unadjusted 

short positions (Figure 4)—suggesting that, in all four markets, much of any liquidity 

provision by commercial traders to momentum traders (as hypothesized by Kang et 

al., 2019) would involve accommodations by ADs on the short side.  

(vi) On final note, SRW wheat futures once again stands out in terms of the importance of  
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financial traders: the MMT share of the spread open interest is much larger than in the 

other markets, and it always exceeds substantially that of commercial dealers (AD).  

B. Identification of Spreading Activity: Method 2—Term Structure 

Section VI.A establishes the effective magnitude of calendar spread trading, the sorts of 

traders engaged in spreading, and some of the most obvious time patterns. A natural question 

then arises: which section(s) of the term structure do these spread positions cover? 

A particular technical obstacle presents itself when trying to answer this question, due to 

how the trader-level information is reported to the CFTC. On any given day, a double-digit 

number of futures maturities are listed in each market, so any trader’s calendar spreading activity 

in a single market can potentially entail in excess of sixty different spreads in theory—and over a 

dozen in practice. Given that each trader’s long/short information is reported by expiration but 

without any information as to whether spreading is involved, it is impossible to know the exact 

set of calendar spreads held by a trader if the latter holds long and short positions with multiple 

expiration dates.39 

Our workaround is to split the universe of agricultural futures maturities into just two 

buckets: short-dated contracts (those with less than 130 days till the last trade date), and longer-

dated ones (all the other contracts). With approximately 95 percent of the reported open interest 

entailing contracts expiring within a year, and given that there are multiple actively traded 

maturities in each of our two buckets, our approach amounts to splitting the term structure into 

two—short term (“ST”) vs. long term (“LT”) futures—on each day in the sample.  

39 To envision the issue, first consider a simple situation. Suppose that a trader is reported as 50 long in the nearby 
July expiration and 50 short in the following December expiration: since there are only two reported expirations, it is 
easy to identify the actual calendar spread. However, consider now a trader who reports 50 long in the first through 
third expirations and 50 short in the fourth through sixth expirations: such a the trader can conceivably hold a 
number of different sets of calendar spreads, since there are multiple possible maturity pairs. 
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This simplification allows us to expand on the first method (discussed in Section VI.A) 

by incorporating information related to how calendar spreading relates to horizon. Appendix I.b 

details the procedure we follow: in a nutshell, it is predicated on the observation that, on any 

given day, if we assign futures to our two maturity buckets then we can identify calendar spread 

positions within each of these two buckets, along with adjusted long and short positions for each 

bucket. If, after taking out the effective “intra-bucket” calendar spreads (i.e., spreads involving 

only maturities within a bucket), we are still left with opposite-direction “preliminary” adjusted 

positions in the two different buckets (e.g., an adjusted long position in the first bucket and an 

adjusted short position in the second bucket), then we can proceed further and use those 

“preliminary” adjusted positions to (i) compute the amount of effective “inter-bucket” calendar 

spreading, and (ii) arrive at a final estimate of the adjusted (long or short) directional position in 

one of the buckets. As in all of our other procedures, after carrying out this procedure at the 

trader-level, we then aggregate the various daily spread and adjusted directional positions for 

each of our trader categories.  

Table 7 presents the result of this analysis, showing sample-average position breakdowns 

and trader counts for each of our nine trader categories. It shows that, on average, there are two 

markets (corn and HRW wheat) where a small majority of all calendar spread positions involve 

LT contracts, and two markets (soybeans and SRW wheat) where there are slightly more ST 

spreads. Several additional facts also emerge: 

(i) The adjusted short futures positions of MMTs and ADs (together with AT positions 

in the soybean market) essentially balance out CITs’ adjusted long positions at all 

maturities, i.e., for both the ‘ST’ and ‘LT’ buckets. 
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(ii) MMTs and ADs contribute to the majority of all three types of spread positions: 

intra-ST, intra-LT, and inter-ST-LT. In other words, MMTs and ADs are the main 

players in the spread market, connecting all expirations across the term structure.  

(iii)While CITs have some adjusted directional short activity in both the ST and LT 

buckets, Table 7 shows that the majority of their short positions are (effectively) the 

legs of various calendar spreads. This fact is also reflected in trader counts: the 

majority of the CITs are present in the intra- and inter-bucket spread columns.  

Figure 8 complements Table 7 and further stresses the importance of analyzing spreading 

activity. It depicts, for each market and for each day in the sample period, how the open interest 

is split between each type of directional (ST-long, ST-short, LT-long, LT-short) and spread (ST-

spread, LT-spread, ST-LT-spread) positions. Figure 8 shows that most of the intra-year 

fluctuations in the total open interest (at least in the 2015—2018 period) can be tied to variations 

in the extent of effective calendar spreading. This empirical fact further shows the importance of 

understanding what drives calendar spreading vs. broader changes in the total open interest.   

The fact that commercial futures traders would engage a lot of calendar spreading should 

be no surprise to commercial market participants, especially to elevators, cooperatives or trading 

houses. In a sense, this notion also is not new to the agricultural economics literature: in some of 

his seminal work, Holbrook Working (1962) argued that calendar spreading s a key component 

of commercial activity in grains and oilseeds markets. Still, our documentation of calendar 

spread findings is entirely novel: it provides the first systematic empirical evidence of that 

reality.  
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VII. Conclusions  

We provide the first detailed evidence on the daily composition of the futures open 

interest in the world’s largest futures markets for agricultural commodities—including 

information on the types of traders that most commonly use those markets (e.g., producers, 

commercial dealers, commodity swap dealers, index traders, and key types of financial 

institutions). We also document, again for the first time, how these various traders hold positions 

(e.g., directional vs. spread, long-dated vs. short-term contracts) and whether those positioning 

patterns change over time (in particular, in response to physical market events).  

Using a comprehensive, non-public trader-level dataset from 2015-2018 from the U.S. 

market regulator (the CFTC), we find major disparities in the magnitudes, term structures, and 

directions of the positions held by nine sub-groups of traders within the two broad commercial 

and non-commercial groupings used in the CFTC’s public Commitments of Traders reports 

(COT). Among these nine trader categories, three (hedge funds, commercial dealers and 

merchants, plus commodity index traders on the long side) account for about four fifths of all 

trader positions reported to the CFTC. In fact, 197 “permanent” large traders (overwhelmingly 

from these three categories) make up the bulk of the daily open interest in the four largest 

agricultural futures markets. In that sense, the COTs achieve their goal of capturing the most 

important traders and the preponderance of the open interest. 

At the same time, we provide novel evidence that calendar spreads account for over a 

third of all large trader positions; that much of the intra-year variation in the total futures open 

interest can be tied to changes in the extent of calendar spreading; that about half of all calendar 

spread positions involve contracts expiring in 4 to 12 months (either spreading with shorter-dated 

contracts, or involving only maturities of 4 to 12 months); and that commercial traders who are 

37 



 

 

 

 

 

  

not swap dealers (commercial dealers and merchants, mostly) make up from a quarter to two 

fifths of all calendar spread positions. We also show that the spreading activities of hedge funds 

and commercial swap dealers that are substantially involved in commodity index trading differs 

significantly from spreading by their non-CIT counterparts. None of those patterns can be 

inferred from public data, as the CFTC’s COTs do not break out spreads for “traditional” 

commercial traders and do not separate commodity indexers from other futures traders.   

The present study therefore provides a useful reference point for the informativeness of 

the information that the CFTC publishes weekly regarding the broad composition of the 

agricultural futures open interest. It also points to the value of possibly improving COT trader 

classifications and open interest decompositions. In particular, our findings suggest that users of 

the COT data could benefit from a disaggregation of the positions held by specific sub-categories 

of traders (especially, commodity index traders and commercial dealers), from breaking down 

total positions into two maturity “buckets” focusing on contracts with short-dated and long-dated 

maturities, and from reporting the extent of calendar spread trading activity by commercial 

traders (in addition to those of swap dealers). 
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Appendix I: Tallying Up Calendar-spread Position Data 

The CFTC’s internal end-of-day position data do not indicate whether a given market 

participant’s calendar spread positions were acquired by trading spreads, or whether the trader achieved 

an effective spread position by taking—at different moments in time—long and short positions in 

contracts with different maturities. In order to solve this quandary, we must thus estimate the extent of 

calendar spreading activity. We do so in two ways. In this Appendix, we discuss our method to identify 

spread activity for a single trader—and for various trader categories—across all expirations (see I.a) along 

with an extension focused on identifying spread activity within and between defined subsets of 

expirations (see I.b).  

Appendix I.a: Overall calendar spread activity.  

Each trader’s end-of-day positions in a given commodity at any given futures maturity is, as a 

result of exchange clearing rules, either long or short. After summing up—across all maturities—all of 

that trader’s long and short positions, we can therefore define that trader’s overall calendar spread 

position (expressed as a number of futures contracts) as:  

For the  trader in a futures market with  contract maturities, for a fixed report date, we define 

total long (L) and total short (S) positions as: 

 

 ,  ;	  ,  

  

We then define the quantity associated with calendar spreading as:  

 	 ,  

We then adjust total long and short positions by removing the spread component from each, 

;	  

Then for each trader, for each report date, we have the following information:  

 	   , ,
 

We proceed in this way for each trader. To compute the daily aggregate “adjusted long”, 

“adjusted short”, and spread open interests of each trader category, we simply sum up the trader-level 

figures for all traders in that category.40 

40 For each trader for a given day, there is never a non-zero position for both , . All traders, after the 
identification of SPR, are always directional (either long or short) with or without some spread component. 

42 

http:category.40


 

 

 

 

 

 

 

 

 

 
 

  

 
 

 

 

  

  
 

 
 

 

 

 
  

 

 

 

Appendix I.b: Short-term vs. Long-term calendar spreading. 

Insofar as each trader’s end-of-day positions are reported in the CFTC database as linked to 

specific contract expirations, it is not possible to determine exactly the specific pairs of contracts involved 

in the calendar spreads held by the trader. We can, however, break up the set of contract expirations into 

non-overlapping subsets—which allows us to then explore whether spread activity is observed within 

each subset and also across subsets.  

In this part of Appendix I, we expand on the adjustment method discussed in part I.a above by 

applying a similar procedure to multiple subsets of contract expirations. To do so, we define two groups 

of expirations based on the observed trade date and the maturity date. Specifically, we define:  

• Short Term (“ST”) bucket = contracts with <130 days to maturity 

• Long Term (“LT”) bucket = contracts with 130+ days to maturity 

For each trader, we then have this daily information:  	   , , ,  

As in part I.a above, we can identify each trader’s effective spread positions within the ST and LT buckets 

(which we call “intra spread activity”, and denote , ). This results in: 

 	   , , , , , , , , ,
 

At this point, it is of course possible for the trader to hold a calendar spread that includes expirations in 

both the ST and LT buckets. For example, if a trader is directionally long 100 contracts in the ST bucket 

and directionally short 100 contracts in the LT bucket, then the trader’s position is effectively an inter-

bucket spread. We identify this activity by defining: 

_ _1  	  , , , ;	 _ _2  	 , , , 	 

If 	 _ _1  0, then we need to perform a second adjustment to ,  and ,  as:  

if _ _1  0 and 	 ,  , ,  

then 	 ,  ,  	  _ _1 ; ,  0  

if _ _1  0 and 	 ,  , ,  

then 	 ,  0; ,  ,  	  _ _1  

After adjusting for a non-zero _ _2  we have the following: 

	  , , , , , , , , , , _ _1, _ _2
 

We aggregate these figures across all traders in a given trader category, for all categories. 
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Table 1: Trader Counts and Open Interest Coverage by Market 

Panel A: Open Interest and Sample Coverage 
Daily 

Market Average 
Reported Portion (Long) Reported Portion (Short) 

Corn (002602) 1,448,390 89.8% 86.6% 

Soybean (005602) 728,130 93.1% 87.4% 

Wheat‐SRW (001602) 449,728 91.2% 90.6% 

Wheat‐HRW (001612) 236,173 91.2% 89.7% 

Panel B: Trader Count 

Daily Average Sample Total 

Market Sample COT All Long Only Short Only Mixed 

Corn (002602) 771 737 2,576 439 269 1,868 

Soybean (005602) 645 527 2,377 285 275 1,817 

Wheat‐SRW (001602) 428 385 1,744 375 199 1,170 

Wheat‐HRW (001612) 254 196 879 154 84 641 

Notes: Panel A in Table 1 shows, in the four largest U.S. agricultural futures markets, the average overnight 
open interest (OI) reported by the exchange (column 1) and the average fraction of that total OI attributed to the 
traders whose positions are reported to the CFTC (columns 2 and 3 for, respectively, long and short positions). 
All contracts are for 5,000 bushels. Panel B shows the number of reported traders: the average daily number of 
reported traders (column 1), the average number of “large traders” in the weekly COT reports released during 
our sample period (column 2, which is a subset of column 1), the total number of traders reported at least one 
day in the sample (column 3), and the number of traders who were “long only” (column 4), “short only” (column 
5), or mixed (column 6, having reported both long and short positions at some point in the sample period). 
Sample period: January 1, 2015 to August 31, 2018 (925 trading days). Sources: public data from the CME 
Group, internal CFTC data. 
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Table 2: Trader Persistence 

Panel A: Participation Quartiles 
Full Sample Daily Averages 

Trader Count Average Nbr of 
Days Reported 

Percentage of 
Days in Sample 

Trader Count OI Share (long) OI Share (short) 

Corn (002602) 
Q1 648 11 1.2% 8 0.1% 0.1% 
Q2 638 71 7.7% 49 1.3% 1.0% 
Q3 646 263 28.4% 184 6.7% 7.6% 
Q4 644 762 82.4% 530 81.8% 77.9% 

Soybean (005602) 
Q1 593 9 0.9% 6 0.1% 0.1% 
Q2 597 63 6.8% 40 1.2% 1.1% 
Q3 592 228 24.7% 146 6.6% 6.8% 
Q4 595 703 76.0% 452 85.3% 79.4% 

Wheat‐SRW (001602) 
Q1 440 7 0.7% 4 0.1% 0.1% 
Q2 431 45 4.9% 21 1.2% 0.8% 
Q3 437 184 19.9% 87 6.7% 5.8% 
Q4 436 672 72.6% 317 83.2% 84.0% 

Wheat‐HRW (001612) 
Q1 220 12 1.3% 3 0.3% 0.1% 
Q2 219 68 7.3% 16 2.3% 1.1% 
Q3 220 244 26.4% 58 9.4% 6.4% 
Q4 220 743 80.4% 177 79.1% 82.1% 

Notes: Panel A of Table 2 reports groups into quartiles all 3,854 traders whose positions were reported to the CFTC in one or more of the 
four largest agricultural futures markets. Column 1 shows the number of traders in each quartile, in each market. Column 2 shows the 
average number of days when traders in each quartile had their positions reported to the CFTC in that market. Column 3 expresses that 
average as a percentage of the total number of days in the sample. Column 4 shows the average number of traders from each quartile on 
the average day in the sample. Column 5 (6) shows the daily average share of the long (short) total open interest accounted for by the 
traders from each quartile. Sample period: January 1, 2015 to August 31, 2018 (925 trading days in sample). Source: internal CFTC data. 



 

 

 

 

 

 

 

 

 

 

             

 

 

 

 

     

 
 

   
  

  
 
 
 
 
 

Panel B: Trader Counts  

Number of Traders Reported 
5 or Fewer Days 6 to 925 Days 925 Days 

Corn (002602) 217 2,217 142 
Soybean (005602) 243 2,040 94 
Wheat‐SRW (001602) 223 1,441 80 
Wheat‐HRW (001612) 67 769 43 

Notes: Panel B of Table 2 shows, for all traders whose positions in one or more of the four 
largest agricultural futures markets were reported to the CFTC on at least one day between 
January 1, 2015 and August 31, 2018, how many of those traders had positions reported on 5 
or fewer trading days (Column 1), all 925 trading days in the sample (column 3), or 
anywhere in between (Column 2). Source: internal CFTC data. 



 

 

 
 
 
 
 

 

 

 

 
  

 
  

 

 
 
 
 
 
 
 

of Share of Share of Share of 

Number of Permanent Long Open Short Open Total Open 

Traders Traders Interest Interest Interest 

Corn (002602) 

Commercial: 871 34% 76 54% 30% 53% 41% 

Non-Commercial: 1,644 64% 38 27% 34% 42% 38% 

CIT: 61 2% 28 20% 36% 6% 21% 

Soybean (005602) 

Commercial: 562 24% 39 41% 39% 58% 48% 

Non-Commercial: 1,752 74% 33 35% 33% 38% 35% 

CIT: 63 3% 22 23% 29% 4% 17% 

Wheat-SRW (001602) 

Commercial: 326 19% 22 28% 19% 30% 24% 

Non-Commercial: 1,356 78% 32 40% 38% 64% 51% 

CIT: 62 4% 26 33% 43% 7% 25% 

Wheat-HRW (001612) 

Commercial: 247 28% 19 44% 30% 48% 39% 

Non-Commercial: 586 67% 10 23% 38% 48% 43% 

CIT: 46 5% 14 33% 33% 4% 18% 

Table 3: Trader Counts and Shares of Open Interest by Product – Three Trader Groups 

Notes: Table 3 shows the total number of traders and shares of open interest by participant type: non-
CIT commercial traders (C), non-CIT non-commercial traders (NC), and commodity index traders 
(CIT). CITs are commercial or non-commercial traders with substantial indexing business. Permanent 
traders are  defined as traders with a reported position for each day in the sample. The figures in Table 
3 exclude small traders whose positions are not reportable and were not reported to the CFTC at any 
point in the sample period. Sample period: January 1, 2015 to August 31, 2018. Source: internal CFTC 
data.  



 

 

 
 

  
  

  
 

 

of Share of Share of 

Number of long Open Short Open Total Open 

Traders Interest Interest Interest 

Corn (002602) 

C- AD 539 21% 19% 45% 32% 
C- AT 313 12% 8% 6% 7% 
C - AS 19 1% 3% 2% 3% 
NC - MMT 503 20% 23% 33% 28% 
NC- FBT 118 5% 2% 2% 2% 
NC- FDI 32 1% 1% 1% 1% 
NC- FMX 42 2% 1% 1% 1% 
NC - NRP 949 37% 7% 5% 6% 
CIT 61 2% 36% 6% 21% 

Soybean (005602) 

C-AD 376 16% 30% 44% 37% 
C-AT 160 7% 5% 11% 8% 
C - AS 26 1% 4% 2% 3% 
NC- MMT 504 21% 24% 27% 25% 
NC - FBT 145 6% 2% 2% 296 
NC- FDI 34 1% 1% 1% 1% 
NC- FMX 40 2% 1% 1% 1% 
NC - NRP 1029 43% 6% 8% 7% 
CIT 63 3% 29% 4% 17% 

Wheat-SRW (001602) 

C-AD 209 12% 12% 24% 18% 
C- AT 97 6% 4% 4% 4% 
C - AS 20 1% 2% 2% 2% 
NC- MMT 485 28% 27% 5496 4096 
NC- FBT 84 5% 3% 2% 2% 
NC- FDI 32 2% 1% 1% 1% 
NC - FMX 33 2% 1% 1% 1% 
NC - NRP 722 41% 7% 5% 6% 
CIT 62 4% 43% 7% 25% 

Wheat-HRW (001612) 

C - AD 160 18% 19% 43% 31% 
C- AT 74 8% 8% 3% 596 
C- AS 13 1% 2% 2% 296 
NC- MMT 267 30% 30% 3996 3496 
NC- FBT 44 5% 2% 1% 1% 
NC- FDI 15 2% 1% 1% 1% 
NC - FMX 22 3% 1% 1% 196 
NC- NRP 238 27% 5% 6% 5% 
CIT 46 5% 33% 496 1896 

Table 4: Trader Counts and Shares of Open Interest by Product – Nine Trader Groups 

Notes: Table shows the total number of traders and shares of open interest by participant type. CITs 
are commercial or non-commercial traders with substantial indexing business. The figures in Table 4 
exclude small traders whose positions are not reportable and were not reported to the CFTC at any 
point in the sample period. Sample period: January 1, 2015 to August 31, 2018. Source: internal CFTC 
data.  



 

 

 

 

 

 

 

 

 

 
  

 

  

  
 

                         

 

 

 

 

 

 

 

 

Table 5: Large Trader Count by Participant Type and Time to Expiration 

Total in Sample 1 to 130 Days 130 Days to 1 Year 1 to 3 Years 3+ Years 
Corn (002602) 

Commercial: 871 847 811 600 21 
Non‐Commercial: 1,644 1,537 1,272 580 16 
CIT: 61 60 59 39 0 

2,576 2,444 2,142 1,219 37 
Soybean (005602) 

Commercial: 562 556 521 363 * 
Non‐Commercial: 1,752 1,681 1,333 500 * 
CIT: 63 61 61 34 0 

2,377 2,298 1,915 897 * 
Wheat‐SRW (001602) 

Commercial: 326 320 272 163 0 
Non‐Commercial: 1,356 1,309 827 277 0 
CIT: 62 60 60 30 0 

1,744 1,689 1,159 470 0 
Wheat‐HRW (001612) 

Commercial: 247 240 215 121 0 
Non‐Commercial: 586 577 410 157 0 
CIT: 46 44 45 19 0 

879 861 670 297 0 

Notes: Table 4 shows the total number of traders observed in each maturity group in our sample 
period, by participant type: commercial traders (excluding CIT), non-commercial traders (excluding 
CIT), and commodity index traders (“CIT”). CITs are commercial or non-commercial traders with 
substantial indexing business. The figures in Table 4 exclude small traders whose positions are not 
reportable and were not reported to the CFTC at any point in the sample period. Sample period: 
January 1, 2015 to August 31, 2018. Source: internal CFTC data. 



 

 

 

      

  
 

      

  
 

     

  
  

 

   
  

1 to 130 Days 130 Days to 1 Year 1 to 3 Years 3+ Years Total 1 to 130Days 130 Days to 1 Year 1 to 3 Years 3+ Years Total 

Commercial: Commercial: 

AD 16.2 12.9 2.5 0.0 31.5 AD 19.8 15.7 1.4 0.0 36.9 
AT 3.5 3.0 0.4 0.0 6.9 AT 5.4 2.4 0.1 0.0 8.0 

AS 1.3 1.2 0.2 0.0 2.6 AS 2.0 1.1 0.1 0.0 3.2 
20.9 41.1 27.3 48.l 

Non-Commercial: Non-Commercial: 

MMT 19.0 8 .0 1.0 0.0 28.0 MMT 17.0 7.4 0.7 0.0 2S.l 

FBT 0.8 1.1 0.1 0.0 2.1 FBT 0.8 0.7 0.1 0.0 1.7 

FOi 0.5 0.4 0.1 0.0 0.9 FOi 0.7 0.4 0.1 0.0 1.1 
FMX 0.3 0.3 0.0 0.0 0.6 FMX 0.4 0.2 0.0 0.0 0.6 

NRP 3.4 2.2 0.3 0.0 5.9 NRP 4.1 6.6 

24.0 37.S 22.9 3S.l 

Commodity Index: Commodity Index: 

CIT 12.7 21.4 CIT 10.4 16.9 

12.7 7.6 0.0 21.4 10.4 6.0 0.4 0.0 16.9 

S7.6 36.7 S.7 0.0 100.0 60.7 36.3 3.1 0.0 100.0 

1 to 130 Days 130 Days to 1 Year 1 to 3 Years 3+ Years Total 1 to 130 Days 130 Days to 1 Year 1 t o 3 Years 3+ Years Total 

Commercial: Commercial: 

AD 9.9 7.4 0.6 0.0 17.9 AD 17.l 13.l 1.0 0 .0 31.2 
AT 2.0 1.8 0.2 0.0 4.0 AT 2.0 3.1 0 .4 0 .0 S.5 
AS 1.4 0.8 0.0 2.3 AS 1.3 0.7 0.1 0 .0 2.1 

13.3 24.3 20.4 38.8 
Non-Commercial: Non-Commercial: 

MMT 28.8 11.0 0.6 0.0 40.4 MMT 2S.3 8 .S 0.3 0 .0 34.l 
FBT 1.1 1.1 0.2 0.0 2.4 F8T 0.7 0.6 0 .0 0 .0 1.4 
FOi 0.7 0.3 0.1 0.0 1.1 FOi 0.8 0.4 0.1 0 .0 1.2 
FMX 0.4 0.4 0.0 0.0 0.8 FMX 0.2 0.4 0 .1 0 .0 0.7 
NRP 3.9 2.0 0.3 0.0 6.2 NRP 3.1 2.1 0.2 0.0 5.4 

35.0 50.9 30.1 42.7 
Commodity lnde,c: Commodity lnde,c: 

CIT 15.5 24.9 CIT 11.8 18.S 
15.5 8.6 0.7 0.0 24.9 11.8 6.4 0.2 0.0 18.5 
63.8 33.5 2.6 0.0 100.0 62.4 3S.2 2.4 0.0 100.0 

Table 6: Shares of Open Interest by Trader Category and Time to Expiration 

Panel  A:  Corn       Panel  B:  Soybean  

Panel C: Wheat-SRW Panel D: Wheat-HRW 

Notes: This table reports the shares (in percent) of the reported open interest (OI) for nine trader categories in the four largest U.S. agricultural futures markets. 
The Commodity Index Traders (CIT) category comprises the commercial swap dealers and managed money traders with substantial indexing business. 
Commercial trader categories include commercial dealers (AD), commodity swap dealers (AS, excluding commodity index traders), and other traditional 
commercial traders (AT). Non-commercial traders include managed money traders (MMT, excluding commodity index traders), floor brokers and traders (FBT), 
financial dealer intermediaries (FDI), traders with multiple registrations other than MMT (FMX), and other large market participants that are not registered with 
the CFTC (NRP). Each individual reported trader’s OI is calculated based on averages of daily long and short positions. Individual totals are then summed up 
across all large traders in a given category. The figures exclude small traders whose positions are not reported to the CFTC, which account from 10 to 15 percent 
of the total open interest. Because CITs’ positions are overwhelmingly long, the “open interest” for that group of traders (calculated as the average of their long 
and short positions) understates by approximately half their contribution to the long-only open interest. Sample period: January 1, 2015 to August 31, 2018. 
Source: internal CFTC data. 



 

 

 

 

 

 

 

 
  

 

  

All Maturities ST Contracts LT Contracts ST-LT Spread 

Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 298.7 417.1 111.4 214.1 46.8 43.0 58.7 30.5 42.0 25.0 
AD 245.2 560.5 60.5 235.9 33.6 46.4 186.3 54.8 21.4 28.6 
AT 108.0 69.2 42.0 27.5 5.3 46.5 22.2 5.9 3.8 4.5 
AS 37.5 29.7 13.0 7.5 2.5 12.2 9.9 3.4 2.6 3.9 
FBT 26.7 26.9 1.9 2.3 4.0 1.0 0.7 10.4 3.0 6.5 
FDI 12.8 9.8 3.8 4.9 0.6 5.2 1.2 1.2 1.3 0.7 
FMX 8.7 7.5 1.4 0.6 1.7 0.6 0.3 2.3 0.6 2.1 
NRP 90.9 61.1 38.4 19.3 6.7 22.2 11.5 8.0 7.6 8.0 
CIT 473.0 74.0 268.2 19.4 9.1 153.1 2.9 23.5 8.8 10.4 

All Maturit ies ST Cont racts LT Cont racts ST-LT Spread 

Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 455 446 393 392 277 331 313 233 228 213 
AD 502 508 310 471 416 224 451 336 234 353 
AT 280 256 207 195 152 176 183 134 83 140 
AS 19 18 19 16 15 17 16 14 15 15 
FBT 110 116 67 88 94 63 72 79 78 78 
FDI 27 30 22 23 21 17 16 15 20 14 

FMX 40 39 32 34 29 29 27 24 23 27 
NRP 813 678 584 498 334 418 390 271 220 277 
CIT 61 46 58 16 45 56 13 40 21 26 

Table 7: Spread Trading Activity—Panel A, Corn  

Panel A1: Average Daily Futures Positions (thousands of contracts) 

Panel A2: Number of Reporting Traders (N) 

Notes: Table 6 reports, for nine categories of large traders in the four largest U.S. grains and oilseeds  futures markets, the average aggregate end-of day futures positions (Panels 
A1, B1, C1, D1) and the number of traders reporting positions to the CFTC (Panels A2, B2, C2, D2). Excluded are the small traders that do not report their positions to the CFTC, 
which together make up 10 to 15 percent of the total open interest in each market. Short-term contracts (“ST”) are those with 1 to 130 days remaining to expiration; long-term 
contracts (“LT”) are those with 130+ days remaining to expiration. The nine trader categories are defined in Table 4. Spread computations are explained in Appendix I.b. All 
contracts are for 5,000 bushels. Sample period: January 1, 2015 to August 31, 2018. Source: internal CFTC data. 



 

 

 

 

 

 

 

 

 
  

All Maturit ies ST Contracts LT Contracts ST-LT Spread 

Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 160.1 169.9 66.2 73.2 25.8 19.9 22.7 16.0 17.0 15.0 
AD 202.1 283.5 57.4 118.3 28.8 65.1 85.5 23.4 16.2 11.4 
AT 31.9 72.9 11.6 48.4 3.5 8.3 12.5 3.9 2.8 1.8 
AS 27.5 14.3 16.4 3.7 1.6 4.0 3.4 2.2 1.0 2.3 
FBT 11.1 11.0 1.2 1.1 2.7 0.3 0.3 3.7 0.5 2.7 
FDI 8.5 6.3 4.9 1.9 0.5 1.3 2.1 0.4 0.7 0.7 
FMX 3.8 4.0 0.5 0.6 1.2 0.2 0.2 0.7 0.2 1.1 
NRP 38.3 48.4 14.6 20.0 6.3 5.4 10.2 5.4 2.8 3.8 
CIT 195.1 26.7 115.2 2.8 5.5 57.6 1.7 8.3 2.1 6.2 

All Maturi t ies ST Contracts LT Corntracts ST-LT Spread 

Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 463 450 415 396 290 326 303 230 236 221 
AD 348 368 227 347 309 146 333 227 190 249 

AT 136 145 106 130 88 80 112 72 62 78 
AS 24 23 23 21 17 21 20 17 18 18 
FBT 137 142 85 111 113 61 78 92 84 95 
FDI 30 33 23 25 27 24 22 19 20 19 
FMX 39 34 34 28 28 27 26 26 26 29 
NRP 862 851 627 687 429 389 479 312 278 345 

CIT 63 46 61 17 45 61 15 39 29 26 

Table 7: Calendar Spread Trading Activity—Panel B, Soybeans 

Panel B1: Average Daily Futures Positions (thousands of contracts) 

Panel B2: Number of Reporting Traders (N) 



 

 

 
 

 

 

 

 

 
 
 

  

All Maturit ies ST Contracts LT Contracts ST-LT Spread 

Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 110.6 219.7 39.7 125.2 20.4 9.0 32.6 11.2 15.3 14.9 
AD 49.0 97.5 12.8 35.0 8.3 4.6 30.9 6.6 6.3 10.4 
AT 18.0 15.0 7.1 4.3 1.3 5.1 4.9 2.2 1.3 1.0 
AS 10.2 8.8 4.0 3.6 0.9 2.3 1.3 1.1 0.9 1.0 
FBT 10.5 8.9 2.1 1.0 1.1 0.8 0.3 3.0 0.9 2.6 
FDI 3.6 5.9 0.6 3.3 0.6 0.9 0.5 0.5 0.8 0.3 
FMX 3.3 3.4 0.3 0.3 0.8 0.0 0.1 0.7 0.5 0.9 
NRP 29.2 21.3 14.8 6.2 3.0 2.8 3.6 3.4 2.0 3.3 
CIT 176.0 27.4 100.8 9.1 5.6 58.1 1.2 5.6 4.0 1.8 

All M aturit ies ST Contracts LT Contracts ST-LT Spread 
Trader Category Long Short Long Short Spread Long Short Spread Long Short 

MMT 424 422 375 384 256 212 232 162 170 179 
AD 185 187 141 178 132 102 150 103 89 114 
AT 81 85 64 73 52 47 61 36 38 42 
AS 19 19 17 15 16 16 14 13 13 15 
FBT 80 83 53 60 69 32 43 39 44 57 
FDI 31 26 24 18 19 21 17 13 19 12 
FMX 32 30 27 27 23 20 19 17 20 22 
NRP 631 469 511 345 228 211 202 148 145 175 
CIT 62 48 58 20 44 57 14 38 30 21 

Table 7: Calendar Spread Trading Activity—Panel C, Wheat-SRW 

Panel C1: Average Daily Futures Positions (thousands of contracts) 

Panel C2: Number of Reporting Traders (N) 



 

 

 

 
 

 
 
 

 
 

 

       

 

      

Table 7: Calendar Spread Trading Activity—Panel D, Wheat-HRW 

Panel D1: Average Daily Futures Positions (thousands of contracts) 

All Maturities ST Contracts LT Contracts ST‐LT Spread 
Trader Category Long Short Long Short Spread Long Short Spread Long Short 
MMT 63.8 82.6 30.5 53.5 6.5 10.9 6.8 4.2 3.9 7.7 
AD 41.2 92.5 13.1 40.2 4.7 5.6 29.8 7.3 5.5 5.1 
AT 17.7 5.9 4.8 1.3 0.6 9.8 1.4 1.2 0.5 0.9 
AS 5.2  3.9  2.5  *  *  *  *  *  *  *  
FBT 3.6 2.3 1.1 0.2 0.3 0.5 0.1 0.5 0.3 1.0 
FDI 1.8  3.1  *  1.6  *  *  *  *  *  *  
FMX 1.5 1.3 0.2 0.0 0.2 * * 0.7 * 0.3 
NRP 10.4 12.6 3.3 4.3 1.3 1.2 2.3 1.8 0.5 2.4 
CIT 70.5 8.7 41.4 * 2.5 21.0 * 1.7 2.6 1.3 

Panel D2: Number of Reporting Traders (N) 

All Maturities ST Contracts LT Contracts ST‐LT Spread 
Trader Category Long Short Long Short Spread Long Short Spread Long Short 
MMT 243 226 206 175 143 133 103 101 93 108 
AD 143 143 106 130 110 71 113 87 56 94 
AT 69 53 52 37 29 39 37 25 19 30 
AS 13 13 11 * * * * * * * 
FBT 42 42 28 29 35 22 23 29 23 33 
FDI 12 14 * 11 * * * * * * 
FMX 22 18 20 13 17 * * 13 * 15 
NRP 205 181 152 117 105 88 80 76 61 97 
CIT 46 35 44 * 34 45 * 25 19 17 



 

 

 

 
 

 
 

   

Panel A: Open Interest - Long Side by Long-only (Blue) and Mixed (Red) 
Marttet 
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Panel B: Open Interest - Short Side by Short-only (Blue) and Mixed (Red) 
Market 
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Figure 1: Daily Open Interest Disaggregation by Trader Directionality 

Notes: Figure 1 shows, in four futures market (SRW wheat – 1602; HRW wheat – 1612; corn – 2602; soybean – 5602), the long (Panel A) and short (Panel B) open 
interests of the 3,854 traders whose positions were reported to the CFTC on at least one day from January 2015 to August 2018. Traders are either long or short only 
(red) or mixed (i.e., they switch the directionality of their positions over time, or engage in calendar spreading). Source: CFTC internal data. 
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Figure 2: Daily Open Interest Disaggregation by Trader Persistence 

Panel  A:  Corn        Panel  B:  Soybean  

Panel  C:  Wheat-SRW       Panel  D:  Wheat-HRW  

Notes: Figure 2 shows, in the four agricultural futures market, the open interest (number of contracts, top figure in each panel) and the fraction of the open interest 
(bottom figure) due to the 3,854 traders whose positions are reported to the CFTC on at least one day from January 2015 to August 2018. Traders are placed into 
quartiles based on the frequency of reporting (see Table 2). The top quartile (traders observed for the most days) is in grey, the next in green, then red, then blue. 
Source: CFTC internal data. 
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Figure 3: Daily Open Interest Disaggregation by Trader Category (Stacked) 

Panel  A:  Corn        Panel  B:  Soybean  

Panel  C:  Wheat-SRW       Panel  D:  Wheat-HRW  

Notes: Figure 3 shows stacked shares of the total long (top figure in each panel)and short (bottom figure in each panel) open interest (OI) that are held by nine 
different kinds of commercial and noncommercial agricultural futures traders, from 2015 to 2018, in the four largest U.S. agricultural futures markets. The long and 
short OI shares of the smallest traders, whose positions are not reported to the CFTC, are shown in grey at the top of each figure. They are generally larger on the 
short side than on the long side (see also Table 1). The other nine trader categories (CIT, plus AS, AD, AT for commercials, and MMT, FDI, FBT, FMX and NRP 
for non-commercials) are described in Table 4. Source: CFTC internal data. 
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Figure 4: Daily Open Interest Disaggregation by Trader Category (Unstacked) 

Panel  A:  Corn       Panel  B:  Soybean  

Panel  C:  Wheat-SRW      Panel  D:  Wheat-HRW  

Notes: Figure 4 is a non-stacked version of Figure 3. From 2015 to 2018, each sub-figure shows shares of the total long and short open interest held by nine types of 
large commercial and noncommercial agricultural futures traders, excluding small traders not reporting positions to the CFTC. 



 

 

  

 

  

 
   

 
 

  
 

  
  

Figure 5: Adjusted Long, Adjusted Short and Calendar-Spread Open Interest Shares (Stacked) 

Panel A: Disaggregated COT Panel B: Robe and Roberts 

Directional 
78% 

Spread 
22% 

Directional 
66% 

Spread 
34% 

Notes: Figure 5 shows, on average across the four largest U.S. agricultural futures markets in 2015—2018, the proportion of the reported open interest estimated to 
be related to calendar spreads as opposed to directional positions (long or short). Panel A shows the estimate based on the CFTC’s weekly Commitments of Traders 
Reports (COT), which provide estimates for all reportable traders belonging to one of three categories: Commercial Swap Dealers, Managed Money Traders, and 
(non-commercial) “Other Reportables.” The COT reports, however, do not provide estimates of calendar spreading activity for other commercial traders (i.e., 
reportable traders that are not swap dealers). Panel B uses the CFTC’s internal trader-level data to provide the corresponding estimates for all futures traders whose 
positions were reported to the CFTC at least one day between January 2015 and August 2018—regardless of trader categories. Technical details on spread 
computations are provided in Appendix I.a. Source: CFTC Commitments of Traders reports and internal CFTC data. 
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Figure 6: Adjusted Long, Adjusted Short and Calendar-Spread Open Interest Shares (Stacked) 

Panel  A:  Corn        Panel  B:  Soybean  

Panel  C:  Wheat-SRW       Panel  D:  Wheat-HRW  

Notes: Figure 6 builds on Figure 3 and shows stacked shares of the adjusted long (net of spreads), adjusted short, and calendar spread open interest that are held by 
nine different kinds of commercial and noncommercial agricultural futures traders, from 2015 to 2018. Technical details on spread computations are provided in 
Appendix I.a. Trader categories are described in Table 4. Source: CFTC internal data. 
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Figure 7: Adjusted Long, Adjusted Short and Calendar-Spread Open Interest Shares (Unstacked) 

Panel  A:  Corn       Panel  B:  Soybean  

Panel  C:  Wheat-SRW       Panel  D:  Wheat-HRW  

Notes: Figure 7 builds on Figure 4 and shows non-stacked shares of the adjusted long, adjusted short, and calendar spread open interest that are held by nine different 
kinds of commercial and noncommercial agricultural futures traders, from 2015 to 2018. Technical details on spread computations are provided in Appendix I.a. Trader 
categories are described in Table 4. Source: CFTC internal data. 
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Figure 8: Short Term and Long Term Daily Open Interest Disaggregation 

Panel  A:  Corn        Panel  B:  Soybean  

Panel  C:  Wheat-SRW       Panel  D:  Wheat-HRW  

Notes: Figure 8 shows stacked shares of the adjusted long (net of spreads), adjusted short, and calendar spread open interest that are held in the aggregate by 3,854 
traders whose futures positions were reported to the CFTC from January 2015 to August 2018. Technical details are provided in Appendix I. Trader categories are 
described in Table 4. Source: CFTC internal data. 
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